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New Developments in Biological Signal Analysis
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Biological signals play an important role in exploring biological systems. To extract relevant information from
biological signals, a variety of techniques and theories from mathematics, statistics, and applied physics have been
applied. However, due to complex characteristics, non-linear components, and non-stationary processes involved in
biological systems, the development of an accurate and efficient signal processing method is still one of major challenges
in the field of biological signal analysis. This paper aims to present a brief review of some advanced/modern techniques
in biological signal analysis to provide useful information to researchers in the fields of biological engineering.
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Fig. 1 Difficulties in biological signal analysis.
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Fig. 2 Overview of the biological signal analysis.
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Fig. 3 An example of the EMG signal.
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Fig. 4 An example of the prosthetic control.
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